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Quantum Matcha Tea on Leonardo

[.oad the module on Leonardo

[ @login®2 ~]% module load profile/quantum
[ @login®2 ~]%$ module load gmatcha_tea

Loading gmatcha_tea/06.3.11




[ @login®2 ~]$ module load profile/quantum
[ @login@2 ~1$ module load gmatcha_tea L.oad the module on Leonardo
Loading gmatcha_tea/0.3.11

from giskit import QuantumCircuit

import gtealeaves.observables as obs

from gmatchatea import run simulation, QCConvergenceParameters, QCBackend

circulit = QuantumCircuit(100)

observables = obs.TNObservables()
observables += obs.TNObsProjective(1024)

conv _params = QCConvergenceParameters (

max bond dimension=64 # Maximum bond dimension of I
)
backend = QCBackend (

backend="PY",

precision="7",

device="cpu",

mpl approach="SR"

results = run simulation(
circult,
convergence parameters=conv params,
observables=observables,
backend=backend,

print( results.observables )
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Fidelity of the state

F (1) = <l/f|¢>|




Convergence checks & error bound

__.\

z\

Only keep highest y singular values, | ¢)

Fidelity of the state

F (1) = <l/f|¢>|

Computed during
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Fidelity of the state 2
after a single gate

Fx)=|1- Z 72

a=y+1




Convergence and error checks
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