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A newproblemfor AQCs

2. Artificial Intelligence:
Generative model

1. Optimization problem
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A newproblemfor AQCs

2. Artificial Intelligence:

1. Optimization problem
Generative model

Quantum processor should Quantum processor should
return only the correct answer return a probabilistic answer
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ldealadiabaticquantum computer

Hypothesis:

1. Completesuperposition
2. Slowannealing

3. Absence of environment coupling
4. O isimplemente@xactly
5. Noreadouerrors
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Hypothesis:
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ldealadiabaticquantum computer

Absence of environment couplir
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Exploitingthe limits of AQCs

Themal Jump

Single-qubit energy barrier

Cost

Quantum
Tunneling

Configuration
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